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ABSTRACT 

This study evaluates the feasibility of using ChatGPT as an instrument for assessing German 

writing skills at the CEFR A2 level. Motivated by concerns about subjectivity and inconsistency 

in traditional assessment, the study adopts an exploratory approach to examine ChatGPT’s 

operational role as an AI-assisted tool, specifically analyzing its scoring behavior and its 

alignment with human judgment. Adopting an exploratory perspective, this study investigates 

ChatGPT’s operational role as an AI-assisted assessment tool by examining its scoring behavior 

and alignment with human judgment. A mixed-methods complementary design was employed: 

qualitative descriptive analysis traced ChatGPT’s assessment process, while quantitative 

analysis, using several relevant statistical tests, examined the consistency of ChatGPT’s 

assessment results and their agreement with those from human raters. Writing samples were 

collected from 76 undergraduate students enrolled in a German-language education program at 

a public university in Indonesia. The writing tasks and assessment rubrics were adapted from 

the Goethe-Zertifikat A2 Modelsatz. The results indicate that ChatGPT demonstrated moderate 

consistency over time, reflected in significant positive correlations and general alignment with 

human raters. In addition, no significant differences were found in the mean scores assigned by 

ChatGPT and human raters. However, exact agreement on specific scoring decisions remained 

limited, revealing divergences in how AI and humans weigh linguistic nuances. The findings 

suggest that while ChatGPT can function as a valuable supplementary tool for formative 

assessment, human expertise remains essential for capturing the interpretive complexities of 

writing performance. 
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INTRODUCTION 

The ability to write effectively in a foreign 

language, such as German, is essential because it 

enables learners to express complex ideas and 

supports effective communication (Saksono, 2022; 

Schnoor & Usanova, 2023). According to the 

Common European Framework of Reference for 

Languages (CEFR), the A2 level is an important 

stage where learners begin to be able to 

communicate in everyday situations with limited but 

functional language skills (Council of Europe, 2020; 

Li et al., 2024; North, 2021). Writing tasks at the A2 

level involve producing longer, coherent texts, so 

assessing writing skills at this stage is important for 

evaluating learners’ progress and language 

acquisition according to established standards. At 

this level, students are expected to be able to write 

simple, connected texts on topics that are familiar or 

of personal interest. They can describe experiences 

and events, dreams, hopes, and aspirations, and 

briefly provide reasons and explanations for their 

opinions and plans (Khushik & Huhta, 2020; Ma et 

al., 2023). 

https://ijal.upi.edu/index.php/ijal/article/view/73
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However, in practice, assessing foreign-

language writing skills often faces various 

challenges, mainly due to the subjectivity of human 

raters. For example, raters may differ in how they 

weigh linguistic errors against overall message 

clarity or in how they interpret the appropriateness 

of register in short written texts. While such 

interpretive judgment is widely recognized as an 

essential and legitimate component of writing 

assessment (Sickinger et al., 2025), subjectivity can 

also lead to inconsistency and bias in the assessment 

process (Tempelaar et al., 2020; Valentine et al., 

2021), particularly when raters differ in how they 

prioritize aspects such as linguistic accuracy, task 

fulfillment, or communicative effectiveness. Such 

variability may also reduce the objectivity and 

reliability of the assessment outcomes, especially 

under conditions of limited time, high workload, or 

insufficient rater calibration. Several empirical 

studies have shown that there are variations and 

inconsistencies in language proficiency assessments, 

and underscored the necessity of finding solutions to 

ensure fairness and reliability in language 

assessment (Basile et al., 2022; Seo et al., 2025; 

Shabani & Panahi, 2020; Shirazi, 2019). These 

challenges are commonly observed in conventional 

human-rated writing assessments used in classroom-

based evaluation and formal language testing 

contexts.  

In addition, using traditional assessment 

methods for foreign language writing assignments 

and/or tests can create time constraints and limit the 

availability of qualified assessors. These limitations 

often result in a high workload for assessors and 

increase the potential for rating errors (Coombe et 

al., 2020; Kozlowska et al., 2019). Moreover, 

traditional assessment methods are time-consuming 

and require significant resources, which may hinder 

the effectiveness of language teaching and learning 

(Karataş et al., 2024; Ly, 2024; Song & Song, 

2023). 

Several studies have examined the 

development and use of automated writing 

evaluation (AWE) systems, such as e-rater and 

WriteToLearn, particularly in the context of English 

as a Foreign Language (EFL). The results show that 

compared to human assessment (Al-Inbari & Al-

Wasy, 2023; Astutik et al., 2024; Geng & Razali, 

2022). Due to their ability to provide instant 

feedback, these tools have received fairly good 

recognition (Huawei & Aryadoust, 2023). However, 

evidence from the literature also points to important 

limitations that complicate the direct transfer of 

these findings across assessment contexts. While 

reliability has often been emphasized, questions 

about the validity of automated assessments remain, 

particularly when AWE systems are applied to 

languages with structural characteristics that differ 

substantially from those of English. Previous studies 

have shown that AWE tools tend to perform less 

effectively in morphologically rich languages 

(Huawei & Aryadoust, 2023; Miranty & Widiati, 

2021), such as German, which has features like case 

marking and verb position that can be challenging. 

In response to these limitations, artificial 

intelligence (AI), especially large language models 

such as ChatGPT, has increasingly been examined 

in the literature. Unlike rule-based AWE tools, 

ChatGPT relies on large-scale language modeling 

(Gozali et al., 2024; Zhang, 2024). This architectural 

difference has been suggested to allow ChatGPT to 

adapt more flexibly to linguistic complexity 

(Fredrick & Craven, 2025; Shi et al., 2025). 

Accordingly, AI-assisted writing assessment has 

been discussed as a potential means of addressing 

certain sources of variability that often occur in 

human assessment. In addition, AI-based systems 

have been claimed to offer more consistent and 

measurable evaluations, though such claims require 

empirical verification (AlMakinah et al., 2025; 

Kondra et al., 2025). 

Among the various foreign languages that can 

be assessed using AI, German is a relevant case 

study. This is because German has a unique 

grammatical structure, including inflectional 

morphology, case systems, and distinct noun 

genders. These features often pose challenges not 

only in the learning process but also in assessing 

writing skills (Kürschner & Nübling, 2011). In 

contexts such as Indonesia, where German is a 

relatively rarely taught foreign language, writing 

assessment is often conducted under conditions of 

limited instructional time, constrained access to 

trained assessors, and high teaching workloads. 

These contextual factors may affect how 

consistently and efficiently writing assessments are 

implemented in classroom settings. Therefore, 

examining how ChatGPT is used as a supportive 

assessment instrument in German writing skills, 

especially at the CEFR A2 level, is a relevant and 

important step. This exploration aims to understand 

the feasibility and adaptability of AI-based 

assessment tools within linguistically complex and 

resource-constrained educational environments. 

In this context, the application of artificial 

intelligence (AI) technology, such as ChatGPT, 

appears to be a potential means of support in 

language education and assessment. ChatGPT is an 

AI-based language model designed to process and 

generate text across multiple languages, including 

German. This model uses deep learning techniques 

to generate text similar to human language based 

on the prompts it receives. This capability enables 

interactive and responsive engagement with written 

input, which has been discussed in the literature as 

potentially beneficial for learning-oriented feedback 

practices (Albadarin et al., 2024; Mahapatra, 2024; 

Minh, 2024). Previous studies have reported that 

ChatGPT can analyze written texts and generate 

feedback related to linguistic form and task 
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fulfillment (Baskara, 2023; Mahapatra, 2024). 

However, these abilities do not always yield valid, 

unbiased, or pedagogically appropriate assessment 

outcomes, especially when ChatGPT is used across 

different languages and educational contexts (Bulut 

et al., 2024; Urzúa et al., 2025). Therefore, the 

integration of ChatGPT into the assessment process 

needs to be carefully examined to ensure its 

potential to increase objectivity, reduce bias, and 

improve the efficiency of writing assessment in 

language learning is fully realized. 

ChatGPT shows indeed promising potential in 

addressing the challenges of writing assessment, 

however, there is still a necessity to conduct an in-

depth evaluation of its accuracy and consistency as a 

writing assessment tool. Several studies have 

highlighted the challenges in assessing writing skills 

and proposed AI technology as a solution (Ferrouhi, 

2023; Hopfenbeck et al., 2023; Suárez et al., 2024), 

but most of these studies have focused on English 

language learning. As a result, the extent to which 

findings from English-based automated writing 

evaluation (AWE) research can inform assessment 

practices in other languages remains an open 

question. 

Differences in linguistic structure, assessment 

demands, and pedagogical expectations suggest that 

results obtained in English may not be directly 

transferable to languages with substantially different 

grammatical characteristics. Studies examining 

ChatGPT’s performance in morphologically rich 

languages such as German are limited, and some 

studies showed that generative AIs may struggle 

with specific linguistic features unless tailored to 

those contexts (Albeihi & Rice, 2025; Choudhury, 

2023). Moreover, there is still a lack of research 

specifically exploring ChatGPT’s assessment 

process in the context of A2-level German writing 

skills. This gap underscores the need for more 

exploration on how AI can conduct valid and 

reliable assessments of writing ability at the 

beginner level.  

The novelty of this study lies not only in its 

research context but also in its conceptual and 

methodological focus. Rather than positioning 

ChatGPT as a general solution for writing 

assessment, this study examines its use as a 

formative support tool within a clearly defined 

assessment framework, with particular attention to 

assessment processes, consistency, and alignment 

with human judgement. Although AI-based 

assessment tools have been extensively investigated 

in the context of more frequently taught languages 

such as English, research on less commonly taught 

languages is still limited. Some recent studies have 

started to examine AI-assisted assessment and 

scoring in other languages, for example Spanish in 

AI-supported second language learning contexts 

(Huang & Cassany, 2025), as well as German and 

Mandarin using specialized automated scoring 

models (Kumari, 2024; Li, 2025). However, most of 

these studies tend to focus primarily on instructional 

support or surface-level performance outcomes 

rather than assessment validity and reliability. To 

bridge this gap, this study aims to provide empirical 

evidence on how ChatGPT performs on CEFR A2-

level German writing tasks using an exploratory 

mixed-methods approach. Thus, this study is 

expected to contribute to the development of AI in 

German language education and teaching. 

The increasing need for reliable, efficient, and 

measurable assessment tools in foreign language 

education highlight the urgency of this study. The 

lack of objectivity, consistency, and resource 

allocation of traditional assessment methods can 

hinder the creation of effective language teaching 

and learning processes. By focusing on exploring 

the feasibility of using ChatGPT as a German 

writing skills assessment tool, this study seeks to 

provide empirical insights into how AI-based 

assessment support may contribute to the 

assessment process, in the context of providing 

timely and consistent feedback to learners, and 

helping teachers manage the assessment workload 

more effectively. Moreover, as the demand for the 

creation of digital-based learning environments 

increases, this study contributes to discussions on 

innovative approaches in assessment that can be 

well integrated into online and hybrid teaching 

models. This study situates AI-assisted writing 

assessment within a formative classroom context, in 

which scoring and feedback are intended to support 

learners’ writing development rather than to inform 

certification or high-stakes decisions.The main 

objective of this study is to examine the feasibility 

of using ChatGPT as an AI-assisted assessment 

support tool for A2-level German writing skills 

based on the CEFR. This study adopts an 

exploratory approach to investigate how ChatGPT 

performs when applied to writing assessment tasks 

at the beginner level. Specifically, this study seeks 

to answer the following research questions (RQs). 

1. How does ChatGPT perform in assessing 

German writing tasks at level A2 based on 

predetermined assessment criteria? 

2. How consistent are the writing assessment 

results provided by ChatGPT when 

administered at different times? 

3. How do ChatGPT’s writing assessment 

results correlate with those of certified 

human raters? 

 

 

METHOD  

Research Design 

This study used a mixed-method approach with a 

complementary design. It combined qualitative 

descriptive analysis to document and explain the 

assessment process performed by ChatGPT, and 

quantitative analysis with statistical tests to assess 
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the feasibility of using ChatGPT as a tool for 

evaluating German writing skills at the A2 level of 

the CEFR. The qualitative component was intended 

to provide a process-oriented description of how 

ChatGPT applied the predefined assessment rubric 

and generated scores and feedback, rather than to 

conduct an interpretive or theory-driven qualitative 

analysis. The quantitative component addressed 

issues of consistency and agreement. 

This study focused on the following three main 

research questions: (1) RQ1 exploring how 

ChatGPT performs writing assessments through 

qualitative descriptive analysis, (2) RQ2 

investigating the consistency of ChatGPT’s writing 

assessment results over time, and (3) RQ3 

comparing ChatGPT’s writing assessment results 

with those of certified human raters. 

 

Participants 

The participants in this study were 76 students 

enrolled in an undergraduate German language 

education program at a public university in 

Indonesia, consisting of 17 males and 59 females. 

They were third-semester students and had 

completed German language courses at the A1 and 

A2 levels. Most of them had no prior experience 

with German before entering the study program. 

Prior to data collection, participants were informed 

about the study's purpose and provided consent for 

their writing samples to be used for research and to 

be assessed by ChatGPT and two certified human 

raters. 

 

Instruments 

The instrument used in this study was a writing task 

in the form of Freies Schreiben (free writing), which 

is commonly used in the Goethe-Zertifikat A2 test, a 

German language proficiency test administered by 

the Goethe-Institut to assess German language skills 

at various internationally recognized A2 levels. This 

writing assignment was adapted from the Goethe 

Zertifikat A2 Modelsatz (Goethe-Institut e.V., 2016). 

This writing task consists of two sections. The 

first section asks participants to write a personal 

message in the context of maintaining friendships. 

The second section is a task to write a semi-official 

message that aims to organize an action. Each 

section is limited to 20–30 words. 

The writing assessment criteria are also 

adapted from the Goethe-Zertifikat A2 Modelsatz. 

As shown in Figure 1, these criteria assess 

participants’ writing across two main aspects: Task 

Fulfillment and Language. The Task Fulfillment 

aspect consists of two criteria: Language Function 

and Register. The Language aspect also has two 

criteria: Language Spectrum and Language Mastery. 

 

Figure 1  

Evaluation Criteria for German Writing Skills  

Regarding the Language Function, the 

assessment is based on the completeness and 

appropriateness of the language function in its 

content and scope. Higher scores indicate more 

appropriate and comprehensive use. The Register 

measures the appropriateness of the text to the 

situation and the conversation partner. The 

Language Spectrum focuses on the accuracy and 

variation in the use of vocabulary and grammatical 

structures. The Language Mastery measures the 

frequency and impact of errors on message 

comprehension. The score for each criterion ranges 

from 0 to 5 points, with reference to each available 

descriptor. 
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Research Procedures  

To ensure that the evaluation process was conducted 

systematically, this study was carried out in several 

stages. The research procedure consisted of the 

following steps: 

 

Task and Rubric Development   

The writing tasks were adapted from the Goethe-

Zertifikat A2 Modelsatz to match the A2 proficiency 

standards outlined in the CEFR framework. The 

writing assessment rubric used the standardized 

criteria from the Goethe-Zertifikat A2 Modelsatz, 

which covered four criteria: language function, 

register, language spectrum, and language mastery. 

 

Data Collection   

The participants were asked to complete a writing 

task, which was designed to assess their German 

writing proficiency at the A2 level. A total of 76 

students participated by completing the A2-level 

German writing tasks in a supervised classroom 

setting. The participants responded on paper using 

handwritten answers. Each response was collected 

and manually transcribed verbatim into digital 

format to help with quick input during the 

evaluation process using ChatGPT. To enhance 

transparency, anonymized samples of students’ 

written responses are provided in the Appendix. 

 

Assessment Process  

In this study, the assessment process was conducted 

within a formative classroom context. Although the 

rubric was adapted from the Goethe-Zertifikat A2 

Modelsatz, it was used to support learning-oriented 

evaluation rather than certification or high-stakes 

decision making. 

The writing results were first evaluated using 

ChatGPT-4. This version was chosen due to its 

improved performance and reliability compared to 

its earlier versions. It was prompted to act as a 

certified A2-level examiner and evaluate texts using 

the provided rubric. To address the known 

variability of generative AI outputs, the assessment 

was conducted using a fixed and consistent prompt, 

which functioned as an integral part of the 

assessment mechanism by constraining ChatGPT’s 

evaluation to the predefined criteria. 

The same set of writing samples was then 

independently assessed by two certified human 

raters using the same rubric. The raters hold the 

appropriate examiner license (Prüferlizenz) from 

Goethe-Institut for the relevant proficiency level. 

This means that the raters possess internationally 

recognized qualifications to assess German language 

skills according to CEFR standards. 

 

Data Analysis   

A qualitative descriptive approach was used to 

explore RQ1. This stage involved documenting and 

examining ChatGPT’s writing assessment process 

through a rubric-guided analytical lens. It focused 

on how the model applied the predefined assessment 

criteria, interacted with input texts, generated 

feedback, and assigned scores. The qualitative 

analysis did not involve interpretive coding or 

thematic categorization, but rather a process-

oriented examination aligned with the assessment 

rubric. 

This analysis was based on direct observations 

of ChatGPT’s evaluation interactions during the 

assessment sessions. It included how specific rubric 

criteria were operationalized in the generated 

feedback. For example, observations focused on 

whether ChatGPT explicitly identified the 

fulfillment of required language functions, 

commented on register appropriateness, or referred 

to grammatical accuracy when assigning scores. 

These observed patterns were then used to describe 

how the assessment process was carried out in 

relation to the predefined criteria. Quantitative data 

analysis was conducted to answer RQ2 and RQ3. 

This stage involved several statistical tests to 

measure the consistency of ChatGPT’s writing 

assessments and their alignment with scores given 

by human raters. Pearson’s Correlation Coefficient 

was used to measure the strength and direction of 

the linear relationship between scores from the first 

and second ChatGPT assessments. A strong 

correlation indicates that ChatGPT assessments are 

consistent over time. 

Cohen’s Kappa Coefficient evaluates the level 

of agreement between the two scores from the two 

rounds of ChatGPT’s assessments and between 

ChatGPT and human raters. Higher Kappa values 

indicate stronger levels of agreement, reflecting the 

extent to which the assessments are aligned beyond 

the possibility of similarity occurring by chance (Li 

et al., 2023; Sim & Wright, 2005) Cronbach’s Alpha 

was used to assess internal consistency, which is the 

extent to which a tool reliably assesses different 

aspects of the same skill over time (Anselmi et al., 

2019). In this context, Cronbach’s Alpha measures 

ChatGPT’s consistency in applying assessment 

criteria to different writing tasks. Lastly, the paired 

t-test is used to compare the average scores given by 

ChatGPT and human raters. It determines whether 

there is a statistically significant difference between 

the average values of the two sets of scores. 

 

 

FINDINGS 

In this section, the research findings are presented in 

three stages according to the previously determined 

research questions (RQs). Overall, the findings 

reveal both patterns that support the feasibility of 

using ChatGPT for German A2-level writing 

assessment and indications of limitations that 

warrant cautious interpretation. First, the results of a 

qualitative descriptive analysis are presented to 

illustrate how ChatGPT performs the process of 
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assessing German writing tasks at level A2 (RQ1). 

Second, the results of a statistical analysis related to 

the consistency of ChatGPT’s writing assessments 

are reported (RQ2). Third, the results of a statistical 

analysis comparing the writing assessment outcomes 

produced by ChatGPT and certified human raters 

are presented (RQ3) 

 

ChatGPT writing assessment process (RQ1) 

This section addresses RQ1 by examining how 

ChatGPT operationalizes predefined CEFR A2 

assessment criteria. Rather than providing a 

procedural walkthrough of the interaction, this 

analysis identifies analytical patterns in ChatGPT’s 

evaluative behavior. Specifically, it examines how 

the model interprets rubric descriptors, the 

consistency of its linguistic evidence-gathering, and 

the logic used to synthesize scores and feedback. By 

categorizing these observable behaviors, this section 

provides empirical evidence of ChatGPT’s internal 

“logic” when applied to the morphological and 

syntactic constraints of the German language. 

The first step in this process, as seen in Figure 

2, begins with a request from the user for ChatGPT 

to act as a German writing assessor. ChatGPT 

responds to this request by confirming this role. 

ChatGPT even directly asks the user to provide the 

student’s text to be assessed. This stage is the 

starting point of the assessment process and 

establishes the conditions under which standardized 

assessment criteria can subsequently be applied.

 

Figure 2  

Initial Request for ChatGPT to Perform Writing Assessment 

 
 
This interaction shows that ChatGPT provides 

ease of interaction for its users. This allows for a 

smooth process of prompting through natural 

language processing. The user explicitly states that 

the assessment is for CEFR A2 level, which aims to 

ensure that the assessment is in accordance with the 

appropriate proficiency criteria. This explicit level 

specification constrains ChatGPT’s evaluative scope 

and represents an initial alignment between the 

assessment request and the intended proficiency 

criteria, thereby shaping the relevance of the 

feedback generated. 

The user then uploaded the assessment criteria 

and instructed ChatGPT to conduct an assessment 

based on those criteria. In response to the prompt, 

ChatGPT summarized the contents of the uploaded 

file by identifying the main components of the 

German A2-level writing assessment criteria. 

Although the uploaded criteria document was in 

German, ChatGPT was able to accurately and 

quickly summarize its content in English (see Figure 

3). In this context, the user aimed to ensure that 

ChatGPT carried out the assessment process in 

accordance with the predetermined criteria, thereby 

establishing a shared evaluative framework prior to 

scoring. At this stage, ChatGPT’s interpretation of 

the assessment rubric moved beyond a mere echo of 

the criteria; it was demonstrated through its ability 

to map specific linguistic markers in the students’ 

texts onto distinct rubric dimensions. For instance, 

the model successfully distinguished between 

communicative task fulfillment (the presence of 

required information) and formal linguistic accuracy 

(such as German case endings and verb placement). 

By assigning specific textual evidence to these 

categories, ChatGPT operationalized the rubric as a 

granular analytical framework rather than a 

superficial checklist. This systematic mapping 

provided a standardized reference point that 

mitigated the subjective fluctuations often found in 

human rater’ drift,’ thereby supporting the reliability 

of the evaluative process in a formative context. 

Before proceeding to the assessment stage, 

ChatGPT first confirmed its understanding of the 

assessment format. As shown in Figure 4, ChatGPT 

stated its readiness to score the participants’ writing 

based on two main categories: Task Completion and 

Language. In addition, ChatGPT confirmed the 

possible scores that could be assigned for each 

criterion. This confirmation stage was essential to 

maintain the accuracy of the assessment procedure. 

Thus, ChatGPT was expected to apply the 

appropriate assessment rubric when evaluating the 

participants’ writing. This indicated that from the 

beginning of the assessment process, ChatGPT 

attempted to maintain the reliability and consistency 

of its evaluations. 
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Figure 3  

Summary of Writing Assessment Criteria by ChatGPT  

 
 

 

 

Figure 4  

Confirmation of Assessment Format by ChatGPT  

 
 

After the confirmation stage regarding the 

understanding of the assessment criteria, the user 

provided a prompt to ChatGPT containing the 

writing task instructions given to the participants. In 

this task shown in Figure 4, participants were asked 

to produce a short written message in a digital 

messaging context, which involved apologizing for 

being late, explaining the reason for the delay, and 

informing the meeting place. This task, one of the 

two writing tasks administered to the participants, 

was delivered in German and reflected a real-life 

communication situation relevant for CEFR A2-

level learners. ChatGPT accepted the instruction and 

confirmed its readiness to assess the writing results 

according to the given task. 

As seen in Figure 5, this stage indicates that 

ChatGPT identified and restated the key task 

requirements specified in the writing prompt and 

accurately summarized the three specific elements 

to be included in their writing. The task instructions 

stated that the participants’ writing was limited to 

20–30 words. This emphasized that the writing had 

to be clear and concise. With this well-defined task 

structure, the assessment process could be carried 

out in a focused manner. In addition, each 

participant’s performance was evaluated based on 

comparable benchmarks. The design of the task also 

promoted the functional use of language and 

reflected everyday communication situations that 

might be relevant for the participants. 
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Figure 5  

Writing Prompt Provided to ChatGPT for Evaluation 

 
 

The next process was providing ChatGPT with 

the writing results of each participant. Based on the 

predefined rubric, ChatGPT evaluated each writing 

sample by applying the two main assessment 

aspects: Task Completion and Language, as 

illustrated in Figures 6a and 6b. The Task 

Completion aspect evaluates whether all task 

requirements were fulfilled. The Language aspect 

assesses the accuracy of vocabulary and grammar 

usage, as well as the coherence and fluency of the 

overall message. These two aspects are in line with 

the writing assessment standards of the Goethe-

Zertifikat A2. This indicates that the evaluation was 

carried out using a standardized approach and in 

accordance with pedagogical principles. 

 

Figure 6a  

ChatGPT’s Evaluation of a Student’s German 

Writing Assignment 

 

Figure 6b  

ChatGPT’s Evaluation of a Student’s German Writing 

Assignment 

 

 

During the assessment process, ChatGPT also 

generated explanatory feedback alongside score 

assignment. This feedback included explicit 

indications of whether the required task elements 

were fulfilled, as well as observations on 

grammatical accuracy, sentence structure, and 

vocabulary use. Specific mistakes in writing, such as 

incorrect word order, incorrect use of articles, and 

spelling errors, were also detected. Furthermore, 

ChatGPT provided suggestions for revision that 

were directly linked to the observed issues in the 

texts. In this way, the feedback extended beyond 

score reporting and functioned as formative input 

intended to support learners’ awareness of strengths 

and areas for improvement. 
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Finally, ChatGPT was able to deliver a 

comprehensive evaluation, complete with a final 

score and detailed comments. As shown in Figure 

6b, ChatGPT could assign a score to each aspect of 

the assessment based on how well participants had 

fulfilled the task requirements. ChatGPT was also 

able to offer suggestions for improvement, 

particularly regarding grammar and sentence 

coherence. For example, in the Language aspect, 

ChatGPT identified issues related to word order and 

grammatical form, such as “Leider ich zu spät 

komme”, which was suggested to be revised as 

“Leider komme ich zu spät” (“Unfortunately, I am 

late”), as well as article and verb usage, including 

“Konnen wir uns im Kino treffen?”, corrected to 

“Können wir uns im Kino treffen?” (“Can we meet 

at the cinema?”).The detailed nature of this 

feedback, such as brief comments highlighting both 

strengths and areas for revision, explicitly identified 

which textual features influenced the assigned 

scores. Consequently, this can help participants gain 

a comprehensive understanding of the strengths in 

their writing as well as the areas that required 

further development. Within the formative 

assessment context of this study, such feedback 

accompanies score reporting and documents how 

evaluation criteria were applied, rather than 

functioning as a summative judgment for 

certification purposes. 

Consistency of ChatGPT’s writing assessments 

(RQ2) 

To explore RQ2, which is related to the consistency 

of writing assessments by ChatGPT, the assessment 

of participants’ writing results by ChatGPT was 

conducted twice at different times. Consistency in 

this study was examined through complementary 

statistical perspectives, recognizing that correlation 

alone does not fully capture stability in scoring 

decisions. Accordingly, three hypotheses were 

formulated: (1) There is a significant positive 

correlation between the writing assessments 

provided by ChatGPT at different times (H1); (2) 

There is substantial agreement between the writing 

assessments provided by ChatGPT at different times 

(H2); and (3) There is high internal consistency in 

ChatGPT’s writing assessments over time (H3). 

These hypotheses were tested using several 

statistical analyses, including Pearson Correlation 

Coefficient, Cohen’s Kappa, and Cronbach’s Alpha 

with the help of SPSS version 27 software. 

To test H1, the Pearson Correlation Coefficient 

was performed to measure the relationship between 

the assessments by ChatGPT at the first and second 

round. Based on the comparison of the total writing 

assessment scores, a correlation coefficient of 0.641 

was obtained with a significance level of p < 0.01, 

as presented in Table 1.  

 

Table 1  

Correlation between 1st and 2nd evaluations by ChatGPT  
Correlation 1st Evaluation 2nd Evaluation  

1st Evaluation Pearson Correlation 1 .641** 

Sig. (2-tailed)  .000 

N 70 70 

2nd Evaluation Pearson Correlation .641** 1 

Sig. (2-tailed) .000  

N 70 70 

Note: **. Correlation is significant at the 0.01 level (2-tailed). 

This value indicates a statistically significant 

positive correlation and falls within the moderate 

range, following the interpretation proposed by 

Cohen (2013), where r values between 0.50 and 0.69 

are considered moderate. This indicates that there is 

a fairly stable relationship between the assessment 

results given by ChatGPT at two different times. 

However, correlation reflects similarity in score 

patterns rather than exact agreement in individual 

scoring decisions. Accordingly, while these findings 

support H1 regarding temporal consistency at the 

score level, further analyses are required to examine 

stability in categorical assessment decisions.  

To analyze H2, the Cohen’s Kappa Coefficient 

was calculated to determine the level of agreement 

between the two rounds of assessment conducted by 

ChatGPT, focusing on consistency in categorical 

scoring decisions. As shown in Table 2, with a 

significance level of p < 0.01, the calculation 

obtained a Kappa value of 0.522.  
 

Table 2  

Measure of Agreement between 1st and 2nd Evaluations by ChatGPT  
Measure of Agreement Value Asymptotic Standard Errora Approximate Tb Approximate Significance 

 Kappa .522 .083 6.043 .000 

N of Valid Cases 70    

Note: a. Not assuming the null hypothesis. 

 b. Using the asymptotic standard error assuming the null hypothesis. 

This Kappa coefficient value indicates that 

there is a moderate level of agreement between the 

first and second rounds of ChatGPT’s assessments. 

These results suggest that the Kappa value supports 

the formulation of H2. The moderate agreement 

indicates that ChatGPT demonstrated a reasonably 



Indonesian Journal of Applied Linguistics, 16(1), May 2026 

 

67 

Copyright © 2026, authors, e-ISSN: 2502-6747, p-ISSN: 2301-9468 

 

 

consistent application of scoring categories over 

time, although some differences between the two 

rounds remain. In other words, ChatGPT’s 

evaluations are reasonably reliable, though not 

entirely identical over time. Moreover, the statistical 

significance of the findings indicates stability in 

assessment decisions at the categorical level, while 

also acknowledging that complete agreement across 

rounds was not achieved. 

It is worthy to note that the calculation of 

Kappa does not assume the null hypothesis, which 

means that the analysis allows for the possibility of 

real agreement, not just agreement that might 

happen randomly (Li et al., 2023). However, the 

asymptotic standard error was used to assess the 

statistical significance of the result. The asymptotic 

standard error estimates how much the Kappa value 

might vary if the null hypothesis were true. This 

statistically significant Kappa value further supports 

H2, indicating that ChatGPT’s assessments are 

fairly reliable. 

To further evaluate the internal consistency of 

the ChatGPT writing assessment, H3 was tested 

using Cronbach’s Alpha. As shown in Table 3, the 

obtained Alpha value of 0.648 falls within an 

acceptable range for exploratory research and 

indicates a moderate level of internal consistency 

across the assessment criteria.  

 

Table 3  

Cronbach’s Alpha  
Reliability Statistics 

Cronbach’s Alpha N of Items 

.648 4 

 

This result suggests that ChatGPT applied the 

assessment criteria in a generally consistent manner  

across writing samples, while also indicating 

variability in how individual criteria contributed to 

overall scores.  

 

Comparison between ChatGPT and human 

raters (RQ3) 

To evaluate RQ3, regarding the comparison between 

writing assessments by ChatGPT and certified 

human raters, three hypotheses were formulated: (1) 

there is a significant positive correlation between 

ChatGPT and human raters’ assessments (H4); (2) 

there is a substantial level of agreement between 

ChatGPT and human raters’ assessments (H5); and 

(3) there is no significant difference between the 

mean scores of ChatGPT and human raters (H6). 

These hypotheses were tested using Pearson’s 

correlation coefficient, Cohen’s Kappa, and a 

paired-sample t-test. Thus, the primary focus of this 

subsection is on statistical comparison. 

The Pearson Correlation Coefficient 

calculation was conducted to test H4. This test 

aimed to determine the relationship between the 

scores given by ChatGPT and the scores given by 

human raters. As summarized in Table 4, the 

calculation resulted in the Pearson Correlation 

Coefficient value of 0.538, with a significance level 

of p < 0.01. This coefficient value means that 

between ChatGPT’s scores and human raters’ 

scores, there is a significant positive relationship. 

This coefficient also indicates a moderate strength 

of association. These results suggest similarity in 

overall scoring patterns rather than equivalence in 

individual assessment decisions. Accordingly, the 

results indicate that ChatGPT and human raters tend 

to produce comparable score distributions, while 

differences in evaluative judgment at the case level 

may still occur. 

 

Table 4  

Correlation between ChatGPT and Human Raters’ Scores  
Correlations ChatGPT Human raters 

ChatGPT Pearson Correlation 1 .538** 

Sig. (2-tailed)  .000 

N 70 70 

Human raters Pearson Correlation .538** 1 

Sig. (2-tailed) .000  

N 70 70 

Note: **. Correlation is significant at the 0.01 level (2-tailed). 
 

After the correlation analysis, H5 was tested 

using Cohen’s Kappa Coefficient. This test was 

used to assess agreement between ChatGPT’s and 

human raters’ scoring decisions at the categorical 

level. The results of the Cohen’s Kappa Coefficient 

calculation, presented in Table 5, obtained a Kappa 

value of 0.183, with a significance level of p < 0.01. 

A Kappa value of this size is classified as low. This 

means that there is agreement between the ChatGPT 

assessment and the human rater, but the level of 

agreement is relatively low. This finding indicates 

that, despite similarities in overall score patterns, 

ChatGPT’s individual scoring decisions did not 

consistently coincide with those of human raters. 

The contrast between the moderate correlation and 

the low Kappa value suggests that alignment at the 

aggregate score level does not necessarily translate 

into agreement on specific assessment decisions. 

However, the results of this statistically significant 

test confirm that the agreement between ChatGPT 

and human raters, although limited, is not due to 

chance.
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Table 5 

Measure of agreement between ChatGPT and human raters 
Measure of Agreement Value Asymptotic Standard Errora Approximate Tb Approximate Significance 

 Kappa .183 .069 2.616 .009 

N of Valid Cases 70    

Note: a. Not assuming the null hypothesis. 

 b. Using the asymptotic standard error assuming the null hypothesis. 

 

To evaluate H6, a paired sample t-test was 

conducted to compare the average scores given by 

ChatGPT and human raters. This test was performed 

to determine if the scores from ChatGPT 

significantly differed from human raters’ scores. As 

detailed in Table 6, the t-test resulted in a modest 

average difference of 0.125 between the scores from 

ChatGPT and human raters, with a standard 

deviation of 2.761 and a standard error mean of 

0.330. With a 95% confidence interval, the score 

difference is in the range of -0.533 to 0.783. This 

means that the actual average difference is likely to 

be in that range. The results indicate no statistically 

significant difference between the average scores 

produced by ChatGPT and those assigned by human 

raters. This finding suggests comparability at the 

aggregate score level, while not implying 

equivalence in individual scoring decisions or 

evaluative judgments.

Table 6 

Paired samples test comparing ChatGPT and human raters’ scores 
Paired Differences Mean Std. 

Dev 

Std. Error 

Mean 

95% Confidence Interval 

of the Difference 

t df Sig. (2-

tailed) 

    Lower Upper   

Pair 1: ChatGPT - 

Human Raters 

0.125 2.761 0.330 -0.533 0.783 0.379 69 

 

With a t-value of 0.379 with 69 degrees of 

freedom, a p-value of 0.706 was obtained. The p-

value obtained is relatively high, and it can be 

interpreted that there is no statistically significant 

difference between the average scores given by 

ChatGPT and human raters. Thus, the findings 

support H6 by showing similarity in average scoring 

outcomes across the two assessment sources, 

without implying equivalence in individual 

evaluative judgment. 

It is important to note that the comparison 

presented in this subsection is limited to quantitative 

score-based outcomes. While ChatGPT’s 

assessments were accompanied by generated 

feedback as part of the evaluation output, the 

analysis of human raters in this study focused 

exclusively on their assigned scores, as systematic 

documentation of rater feedback was not part of the 

data collection. Consequently, the observed 

discrepancies between moderate score-level 

correlation, low categorical agreement, and non-

significant mean differences should be interpreted in 

relation to scoring decisions rather than evaluative 

commentary. This clarification helps contextualize 

the statistical findings without extending the scope 

of analysis beyond the available data. 

 

 

DISCUSSION 

Understanding the ChatGPT Evaluation Process  

One of the main contributions offered by this study 

is the explanation of how ChatGPT performed the 

assessment process. This approach is carried out to 

present the AI assessment mechanism clearly and 

transparently, to build trust among other AI users, 

such as teachers or students. This study identifies 

the affordances and constraints of AI-assisted 

assessment by providing a comprehensive analysis 

of how ChatGPT operationalizes predetermined 

rubrics. Rather than presenting a binary list of pros 

and cons, the findings interpret ChatGPT’s 

performance in terms of evaluative strengths—such 

as procedural consistency and rapid evidence-

mapping—and inherent limitations, including the 

potential for surface-level linguistic 

misinterpretations. This nuanced interpretation 

allows educators to discern which aspects of the 

assessment process are ripe for AI integration and 

which components necessitated by the CEFR A2 

framework still require the expert interpretive 

judgment of a human rater. 

The emphasis on the transparency process in 

this study refers specifically to the explicit 

documentation of the assessment process, including 

how ChatGPT interprets the assessment rubric, 

responds to task instructions, assigns scores, and 

provides written feedback. This focus aligns with 

previous research that emphasizes the value of 

explainability and interpretability in AI-based 

educational tools (Alamäki et al., 2024; Kastania, 

2024; Perkins et al., 2024). These studies show that 

there is a significant increase in the level of 

acceptance and trust of educators towards AI 

technology if they understand how the AI system 

carries out evaluation (Al-Abdullatif, 2024; Zhang 

et al., 2025). 

Understanding how the AI evaluation process 

works is particularly relevant when AI is considered 
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as part of instructional assessment contexts, where 

assessment outcomes are used to support ongoing 

learning rather than to replace high-stakes 

proficiency testing. In this study, the use of 

ChatGPT is situated within such a context, where 

AI-assisted assessment can help educators monitor 

students’ language learning progress and identify 

areas that require further instructional attention. By 

making the assessment process explicit, educators 

may better judge when AI-generated evaluations can 

be relied upon and when human judgment remains 

necessary, especially for subjective or context-

dependent aspects of writing (Gabelaia et al., 2024; 

Kılınç, 2024; Roe et al., 2025). 

In this context, the integration of AI and 

human assessment can be understood as a pragmatic 

response to current challenges in foreign language 

education, particularly in less commonly taught 

languages such as German, where instructional 

resources and qualified assessors may be limited. 

Previous studies have suggested that hybrid 

assessment models can balance the efficiency of AI-

supported data processing with the interpretive 

expertise of human raters, especially in handling 

creative and contextual language use (Passerini et 

al., 2025; Venigandla et al., 2024). The findings of 

this study support this perspective by indicating that 

while ChatGPT can assist in providing consistent 

and timely assessments, human involvement 

remains essential to ensure meaningful 

interpretation of student writing. Accordingly, AI 

functions most effectively as a complementary tool 

that supports, rather than replaces, human raters in 

the assessment process. 

 

Consistency of ChatGPT’s Writing Assessments 

The significant correlation result (r = 0.641, p < 

0.01) between the two rounds of ChatGPT 

assessments reflects that ChatGPT was able to 

provide consistent assessment results, even though 

they were performed at different times. This result is 

a significant finding because it proves that ChatGPT 

is able to maintain a stable level of reliability over 

time. This result is important because consistency in 

assessment is a fundamental factor in education to 

maintain the accuracy of monitoring student 

learning (Bayer et al., 2016).  

Similar patterns of consistency have been 

reported in previous studies on AI-assisted 

assessment, although these studies were conducted 

in different contexts, such as large-scale educational 

measurement or technology-supported assessment 

systems beyond foreign language writing (Antunes 

& Hill, 2024; González-Calatayud et al., 2021). 

While these studies differ from the present research 

in terms of language focus, proficiency level, and 

assessment purpose, they collectively indicate that 

AI-based assessment tools can generate repeatable 

evaluation outcomes when applied under controlled 

conditions. In this sense, the correlation observed in 

this study aligns with the broader literature on AI-

supported assessment, while remaining specific to 

the instructional and formative context of A2-level 

German writing assessment. 

In addition to the correlation results, the 

moderate level of agreement reflected in the 

Cohen’s Kappa value (κ = 0.522, p < 0.01) in this 

study also confirms that ChatGPT was able to 

produce reasonably stable assessment outcomes 

across the two rounds of evaluation. This Kappa 

value suggests a moderate level of agreement, while 

also pointing to the presence of variability in how 

individual writing performances were evaluated 

over time. Such variability may be associated with 

the challenges of consistently applying standardized 

criteria to diverse writing forms and content. As 

discussed by Elkhatat (2023) and Bašić et al. (2023), 

differences in the type of writing assignment, the 

complexity of the language used by students, or 

even nuances in how AI interprets various linguistic 

elements could be factors that influence this 

variability. However, similar issues are also 

common in human assessments, as noted by Fogal 

(2020) and Dockrell and Connelly (2021), who 

reported that maintaining consistency between raters 

and between tasks was difficult. Therefore, while 

the results of this study indicate that ChatGPT has 

the potential to be a reliable assessment instrument, 

continued development is always needed for AI to 

handle more subtle assessment dimensions 

accurately. 

In practical terms for educators, the moderate 

levels of agreement observed in this study suggest 

that while ChatGPT can reliably support the 

assessment of several aspects of student writing, 

human supervision is still necessary, especially for 

subjective elements such as tone or creativity. 

Within instructional or formative assessment 

settings, such levels of agreement may still be 

pedagogically valuable, as AI-assisted assessment 

can help reduce teachers’ workload while providing 

timely feedback to learners. However, the presence 

of variability in assessment decisions indicates that 

further refinement is required before such systems 

can be considered appropriate for high-stakes 

assessment contexts. 

Furthermore, the moderate Cronbach’s Alpha 

value (α = 0.648) produced in this study suggests 

that ChatGPT has a reasonable level of internal 

consistency. However, there are still some aspects to 

be improved, particularly to maintain the uniform 

application of scoring criteria across different types 

of writing tasks. Cronbach’s Alpha is widely used to 

measure internal consistency. Values above 0.6 are 

generally considered adequate for exploratory 

studies, but in critical assessment situations, higher 

values are strongly recommended. The Cronbach’s 

Alpha values obtained in this study might reflect the 

complexity of the language assessment process, 

where even small differences in task difficulty or 
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language structure may impact the stability of the 

scores awarded (Kuiken, 2023; Robinson, 2001). 

Given that writing tasks in educational contexts can 

assess different skill dimensions (Chen, 2024), these 

findings highlight the necessity of continuous 

development and refinement of AI technology like 

ChatGPT to maintain reliability in assessing various 

writing tasks. 

 

Comparative Analysis of ChatGPT and Human 

Raters Scoring Accuracy 

The evaluation of ChatGPT assessment accuracy 

compared to human assessment resulted in a 

moderate positive correlation (r = 0.538, p < 0.01). 

This suggests that ChatGPT assessments are 

generally in alignment with human judgment, but it 

is not fully capable of replicating the subtle 

decision-making process of human raters. This 

finding is consistent with the literature, primarily 

conducted in the context of second language 

learning, showing that while AI-based tools are 

quite effective, they often face issues in evaluating 

subjective aspects of language assessment, such as 

creativity, style, and contextual relevance 

(Davoodifard & Eskin, 2024; Rahman et al., 2024; 

Zhao et al., 2024). While these studies differ from 

the present research in terms of language focus and 

instructional context, they provide a relevant 

conceptual reference for interpreting the observed 

discrepancies between AI-based and human 

assessments in this study. 

The study also yielded a relatively low 

Cohen’s Kappa value (κ = 0.183, p < 0.01). This 

value means that there is only a slight level of 

agreement between the scores given by ChatGPT 

and human raters. This result means that there are 

certain areas where AI-based evaluations can differ 

from human assessments. This low level of 

agreement is a common problem in the use of AI in 

writing assessment, as AI sometimes fails to capture 

contextual aspects or nuances of writing that are 

more easily identified by human raters (Clark et al., 

2021; Zhao et al., 2024). In the context of this study, 

the low Kappa value highlights a critical limitation 

of relying solely on AI-generated assessments. 

While ChatGPT can produce structured and 

repeatable evaluations, the observed disagreement 

indicates that human supervision remains necessary 

to interpret context-dependent features of learner 

writing. This finding underscores that AI-assisted 

assessment should be approached as a 

complementary tool rather than an autonomous 

decision-making mechanism. 

Interestingly, the paired sample t-test, which 

compared the mean score between ChatGPT and 

human raters, revealed no significant difference 

(t(69) = 0.379, p = 0.70). This result indicates that, 

on average, the overall scoring tendencies of 

ChatGPT and human raters were similar. This result 

is positive, as it serves as evidence that ChatGPT is 

capable of mirroring human judgment in writing 

assessments. However, the absence of a significant 

difference in mean scores should not be interpreted 

as evidence of high agreement at the level of 

individual assessments. In other words, the fact that 

the average scores between ChatGPT and certified 

human raters in this context did not differ does not 

mean that differences in certain aspects should be 

ignored.  

When considered alongside the low Kappa 

value, the t-test result suggests that comparable 

average scores may coexist with substantial 

variation in how individual writing performances 

are evaluated. Previous studies have likewise noted 

that AI tools often show stronger alignment with 

human raters on more objective features, such as 

grammar and vocabulary, while remaining less 

reliable in assessing subjective or context-sensitive 

aspects of writing (Escalante et al., 2023; Zhao et 

al., 2023). Taken together, these findings reinforce 

the need to interpret AI–human alignment with 

caution and to situate AI-assisted assessment within 

a human-in-the-loop framework. 

 

Practical Implications and Research 

Opportunities 

Viewed from an instructional perspective, the 

findings of this study highlight the role of AI-

assisted assessment as a formative support 

mechanism rather than a substitute for human 

judgment. The implications offered by this study are 

the opening of opportunities to integrate AI in the 

assessment process, in this case, the assessment of 

foreign language writing skills, particularly as a 

supportive tool within instructional contexts. This 

potential is based on the consistency shown by 

ChatGPT in providing assessment scores. It should 

also be noted that this study found low agreement in 

specific assessment decisions between ChatGPT and 

human assessors. The coexistence of stable overall 

scoring patterns and decision-level discrepancies 

indicates that AI-assisted assessment cannot 

function independently of human judgment. Rather, 

the findings suggest that collaboration between 

human assessors and AI systems is advisable, 

especially when assessment decisions require 

contextual interpretation. This perspective aligns 

with previous studies emphasizing the continued 

role of human involvement in ensuring fairness and 

interpretive accuracy in assessment practices 

(Bignami et al., 2023; Elkhatat, 2023; Xia et al., 

2024). 

One practical implication of these findings for 

language assessment methodology is that ChatGPT 

may be effectively positioned as a tool to support 

formative assessment practices within language 

courses. In such contexts, AI-assisted assessment 

can provide timely feedback and help reduce 

teachers’ assessment workload, while assessment 

outcomes are used to inform instruction rather than 
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to make high-stakes decisions. When designing 

assessment strategies that incorporate AI, educators 

should consider the results of this research. The use 

of AI, such as ChatGPT, can indeed increase 

efficiency, but a human role is still important, 

especially in assessing complex and meaningful 

aspects of language. These aspects cannot yet be 

completely accommodated by AI (Bowman et al., 

2022; Hagos et al., 2024; Park et al., 2024). 

While the findings offer useful insights, the 

study is limited by its focus solely on A2-level 

writing tasks in one language and a specific 

participant group, which could potentially restrict 

the generalizability of the findings. In addition, the 

assessment in this study was conducted using rubric-

based scoring without a fine-grained linguistic 

analysis of A2-level writing features. As a result, 

certain discrepancies observed between AI-based 

and human assessments could not be further 

explained in terms of specific linguistic phenomena. 

Further research should explore the 

performance of ChatGPT across varied language 

levels, writing tasks, and learner profiles, while also 

incorporating more detailed linguistic profiling of 

learner writing. Such approaches could provide a 

stronger explanatory basis for understanding how AI 

systems evaluate language performance. 

Additionally, future studies are also needed to 

improve the AI model to be more sensitive in 

recognizing the nuances of writing. This 

improvement may be achieved through training on 

more diverse datasets or by implementing hybrid 

evaluation models that integrate both AI and human 

judgment (Islam et al., 2024). 

This study contributes to the growing body of 

empirical research on the use of AI in education, 

particularly in the context of assessing German 

writing skills at the CEFR A2 level. The findings 

indicate that while ChatGPT can support writing 

assessment by providing structured and temporally 

consistent evaluations, human involvement remains 

essential to interpret assessment outcomes, 

especially in cases requiring contextual or nuanced 

judgment.  

 

 

CONCLUSION 

The main objective of this study was to examine the 

feasibility of using ChatGPT as an instrument for 

assessing German writing skills at CEFR level A2. 

The focus of this study was (1) to describe how the 

writing assessment process is carried out by 

ChatGPT, (2) to test the consistency of ChatGPT 

assessments carried out at two different times, and 

(3) to measure the accuracy and alignment of 

ChatGPT assessments compared to certified human 

raters. The results of the analysis demonstrated that 

ChatGPT was able to perform the process of 

assessing German writing skills at level A2 

transparently and consistently and could provide 

formative feedback based on the given rubric 

criteria. 

Notably, the results of the study also showed 

that ChatGPT demonstrated moderate consistency 

over time, as reflected in a significant positive 

correlation and a moderate level of agreement 

between repeated assessments. This is proven by the 

acquisition of a significant positive correlation value 

and a moderate level of agreement between the two 

sets of assessment results. Furthermore, when 

compared to the results of certified human raters, the 

results of the study showed a moderate correlation 

and no significant difference in the mean scores 

given by ChatGPT and human raters. However, the 

relatively low level of agreement in specific scoring 

decisions suggests that AI-based assessments do not 

fully replicate human judgment, particularly in more 

nuanced evaluative aspects. 

The findings of this study may suggest that 

ChatGPT can function as a complementary tool for 

writing assessment in foreign language learning, 

particularly in formative contexts and in settings 

with limited assessment resources While ChatGPT 

may support assessment efficiency and procedural 

consistency, human raters remain essential for 

ensuring fairness and for interpreting qualitative and 

contextual dimensions of writing that extend beyond 

automated scoring. 

 

 

ACKNOWLEDGEMENTS  

This research was supported by the Indonesian 

Ministry of Education, Culture, Research, and 

Technology under the 2024 Fiscal Year Research 

Grant. The authors gratefully acknowledge this 

financial support. 

 

 

AI USE DISCLOSURE 

ChatGPT’s role in the preparation of this article 

manuscript is solely for the purpose of checking the 

use of language and grammar. ChatGPT provided 

suggestions on the draft of this article regarding 

clarity and coherence throughout the text. This 

aimed to ensure that this manuscript has good 

readability and flow and meets academic English 

standards. Additionally, ChatGPT also assisted in 

providing suggestions on the flow of the 

introduction section so that it is presented with a 

logical and systematic structure. 
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APPENDIX 

Sample Participant Writing Task 

 

Writing Task Part 1: 

Participant 1: Original text  (Task part 1) 

 
 

Participant 1: Transcribed text 

 
  

Participant 1: ChatGPT’s evaluation 
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Participant 2: Original text (Task part 1)  

 
 

Participant 2: Transcribed text 

 
 

Writing Task Part 2: 

 
 

Participant 3: Original text (Task part 2) 
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Participant 3: Transcribed text 

 
 

Participant 3: ChatGPT’s Evaluation 

 
 

Participant 4: Original text (Task part 2) 
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Participant 4: Transcribed text 

 
 

Participant 4: ChatGPT’s evaluation 

 

  

 


